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Abstract: Infrared images have a low resolution and a single color, but they play an important role in some
scenes because they can be used under all weather conditions. This study adopts a support vector machine
algorithm for long-wave infrared target image classification and recognition. The algorithm extracts edge
and texture features, which are used as the recognition features of the target, and forwards them to a
support vector machine. Then, the target category is output for infrared target recognition. Several models,
such as the histogram of oriented gradient, gray level co-occurrence matrix, and support vector machine,
are combined to collect images of eight types of target scenes for training and testing. The experimental
results show that the algorithm can classify the same target person wearing different clothes with high
accuracy and that it has a good classification effect on different target characters. Therefore, under certain
scene conditions, this combined algorithm model can meet the needs and has certain advantages in the
field of target recognition.
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Class Representative meaning
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ClassB  Target U wears ordinary clothes indoors at night

ClassC  Target U wears camouflage clothes outdoors
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ClassD  Target U wears camouflage clothes outdoors at
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