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Coastline Segmentation of SAR Image Based on
Super-pixel Merging

PENG Chao, WEI Xue-yun
(School of Electronics and Information, Jiangsu University of Science and Technology, Zhenjiang 212003, China)
Abstract; Due to the inherent speckle noise of SAR image and the influence of complicated terrain at the
sea-land boundary, it is easy to incorrectly exiract the coastline of SAR image by using the region merging
method. In order to solve the problem of incorrect segmentation caused by a single scale, an algorithm for
coastline segmentation of SAR image based on SLIC super-pixel is proposed. Super-pixel segmentation is used
to preprocess the image at first. Then, the improved merging cost based on spectral and texture information
(CT-Model ) is used to merge, and finally the segmentation results are obtained. The coastline at the sea-land

boundary is used for the comparison of segmentation effects. The experimental results show that the improved

merging method is more accurate in coastline segmentation than the spectral-histogram method.
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Fig.3 Coastline segmentation process of SAR image
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Fig.4 Results of coastline segmentation
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Fig.5 Coastline segmentation of local area
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Fig.6 Enlarged view of local area
=1 ABHRER LR, P RRE RO
A 663,

a SHAF

F1 HiEteEh®
Table 1 Comparison of two methods
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