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An Emotional Intelligence Based Autonomous Decision-
Making Method for UAVs

REN Tian-zhu', ZHOU Rui', LI Hao’
(1. School of Automation Science and Electrical Engineering, Beihang University, Beijing 100191, China;
2. Chengdu Aircraft Design Research Institute of AVIC, Chengdu 610091, China)

Abstract; The continuous deepening of the application of UAVs in all fields raises higher requirements to
the autonomy of the UAVs. Through the simulation to human emotion decision-making process, we
established a decision-making method based on emotional intelligence, and used it in the decision-making

problems of UAV path planning and threat avoidance. The simulation results show that the method of

decision-making based on emotional intelligence has better effect than the traditional method.
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Fig.1 Traditional decision-making framework for UAV
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Fig.2 Decision-making framework for UAV based
on artificial emotion
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Fig.3 Mulii-level emotion decision-making model
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emotion intelligence
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