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Adaptive Model Updating for Particle Filter
Visual Tracking
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Abstract: Aiming at the appearance model updating problem of visual tracking,an adaptive model updating
strategy was proposed based on particle information criterion updating in the framework of the particle filter
visual tracking. By mining the related information between the particles, analysis was made to the changes of
tracking status and appearance model, and then a fuzzy rule table for model updating was built up. The method
was compared with the model updating method of classical particle filter visual tracking by using the famous

visual tracking evaluation data sets. The experimental results demonstrate the effectiveness of the algorithm.
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Fig.1 Framework of adaptive update model
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Fig.2 Tracking results to sequence David
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Fig.3 Tracking results to sequence Girl
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Fig.5 Center error of tracking results to sequence Girl
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Table 2 The average center error of tracking pixel

7 PF-C PF-S Ours
David 88.9 70.0 45.9
Girl 17.8 30.4 12.4
Trellis 42.4 35.5 34.2
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Table 3 The tracking precision ratio %
31 PF-C PF-S Ours
David 11.7 10.5 16.0
Girl F3.2 32.8 84.2
Trellis 23.4 35.2 45.7
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