Vol.21 No. 12
Dec. 2014

E21% F121
2014412 H

oot 5 &

Electronics Optics & Control

doi:10. 3969/j. issn. 1671 —637X.2014. 12. 008

BP [ 4& 5 2 #EiE & & B AL = R B AR 1R 51

ﬁzF’%‘%l’ % %1’ gﬁ%é:\ly qﬁ %2
(LVGIE TR, V22 7100725 2. AT TV VG dt#RAn = T RA B RIEAF |58 330024)

H E: 490K RAFANGEAE KRN EZR AR AFRNES T THREBANSEEEFREA, R H
T—#%TBP WA SKMIEHSRAVGEP AIFRMNFE, ZFEET BPAZNARREE B BB ARER
FUBT 64 B A R IKAL , 5F 2 S IR 38 4 A SI N AAR T 3 HE R 09 A R AL A & 40 FE 48 AT ) B Ak A e i R R A
FE A F WS, BASRAW, B BT UMMM RIEE Y R, A5 THRTAE P B HFRAESE,
KER: TP EAFRA; BP ML, MHEHZESRIN; HFEES

FESHES: V243; TNOS XREERARAG: A XEHS: 1671 -637X(2014)12 - 0036 - 04

Aerial Target Identification Based on BP Neural Networks
and Improved Combination Evidence Rule
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Abstract; According to the requirements to real-time performance and high accuracy of aerial target
identification in modern air combat, and considering the evidence conflicts that may occur in evidence
combination, we proposed an aerial target identification method based on BP neural network and improved
evidence combination rule. The BP neural network was used to acquire Basic Probability Assignment ( BPA)
of each sensor to target category judgment, which was taken as evidence for making spatial domain fusion
and time domain fusion to each group of evidences by using an improved evidence combination rule. Thus
the result of target identification could be obtained. Simulation shows that the proposed method can solve the
problem of evidence conflict and implement the task of aerial target identification precisely and reliably.
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Fig.1 The model of three-layer BP neural network
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Fig.2 Flow chart of BP arithmetic
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Table 1 BPA of conflict evidence
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Fig.3 Target identification model
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