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Abstract -
radar, which can improve the quality of target track effectively. On the basis of exploiting target track

Air/ground target classification is a key step for ground target filtering in airborne early warming

information and ground road information, a method for air/ground target classification based on similarity of
track and road was proposed. First, a fast arithmetic matching target filtering plot to a section of road was
given, which could choose the roads used to classify air targets and ground targets subsequently. Then, to the
roads with winding, average distance and correlation coefficient between target track and road were calculated
out. Finally, target classification was completed according to threshold decision and sliding window processing. The

simulation results show that the method can implement air target and ground target classification accurately for

different types of target track distribution.
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population for each generation as well. The GA algorithm
just guarantees that the result will be global optimization

as long as generation goes to infinite.
S5 Conclusion and Future Work

We have presented approach using gradient descent or
GA algorithm for automatically tuning the kernel parameters
of SVM to improve performance of the SVM. We tried to
explain the results on artificial data set from theoretical
point of view. It has shown that the results consist with
theoretical analysis. This approach can also be used as
feature selection. If ¢, is very large relative to other
g then this feature can be omitted without harming the
generalization.

In fact, all data set used in training process should be
training data, because all data are used in training a SVM-
quadratic programming for o, and gradient descent or GA
algorithm for o,. But the very interesting thing is that
over-fitting effect remains low.

In term of future research, we try to use this approach
on real world data set, and try to understand the phenomena

as well.
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