B20% F£12H
2013 4E 12 A

Bt 5 & M

Electronics Optics & Control

Vol.20 No.12
Dec. 2013

doi: 10. 3969/j. issn. 1671 —637X.2013.12.012

ETEGMESZRESEMNERRELRD

REH, FILAK, "B, # &
(PHACREARBZTIT, FG% 710024)

?ﬁ B BANRFAT N EAR EXRERBEERL G, AR AERRER T2 H SR, £ ERAE
B e R A b R T A B AR T ik, AR B 4 ROE AT A B AR E 2 B el A B Rk AT dy AT

?»57 B DFERFRARTHERER, LA BERTHESHFAZFAE, FELEMEENRE, BFFHA S

EFRBRRA R E THORMERRETRRERS, FREREAN, 5HEAGRT LT EML, 5 %28

HEFH D N E RS, BN R TR EGH LA, B TH 2SR ENY BAFEN,

XHEEW: BEARE,; BARARTAER,; B, ZRESE; 2{EEH

hESES: V271.4; TP391 NkFREE: A NERS: 1671 -637X(2013)12 - 0051 - 05

Object-Level Change Detection Based on Image Fusion
and Multi-Scale Segmentation

WU Junzheng, YAN Weidong, NI Weiping, BIAN Hui
( Northwest Institute of Nuclear Technology, Xi’an 710024, China)

Abstract -

radiometric correction accuracy and threshold selection, which may limit their applications. An analysis was made

The traditional pixel-level change detection algorithms have the disadvantage of high requirements for

to the multi-scale segmentation method, and an object-level algorithm was proposed based on it. The fused image
of the remote sensing images at different time phases was segmented by using object-oriented method in coarse
and fine scales respectively to capture object areas of different sizes. Discrepancy image was obtained after
analyzing of characteristics vectors, and the intensity of the changed information was defined. Then, the
decision-level fusion was implemented using the measurement results of the coarse and fine scales based on
multi-valued logic theory. Experiments indicate that, compared with traditional pixel-level change detection

algorithms, the algorithm is less influenced by radiometric discrepancy, has higher detection accuracy, and can

evaluate the changed intensity accurately.
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Table 1 Rule of decision-level fusion
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Fig.3 Flow chart of object-level change detection
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Table 2 Precision of change detection

Fik BAEE% BERE% WEE% Kappa RE
@EFZ(MER)  82.45 62.58 18.50  0.3108
BER(MES)  90.01 56.04 30.59  0.4071
BEH (MM 120) 93.32 46.40 44.01 0.4721
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