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Abstract; Image segmentation is an essential step in image analysis. A novel model was proposed for
unsupervised segmentation of viewer’s attention object from natural images by using salient object edge points
and localizing region-based active model ( LRAC). The salient edge points were firstly detected by the color
boosting Harris detector. The core saliency map was then proposed to obtain the foreground seeds from the
salient edge points. Then, the salient object edge points were determined by the foreground seeds. Finally, the
salient object edge points were employed as the seeds of convex hull to generate the initial contour for our

automatic object segmentation system. Extensive experiments results on a large variety of natural images

prove that the proposed model can provide satisfactory segmentation performance.
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Fig.1 Interactive image segmentation by LRAC with
user-specified strokes of the object (green)
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Fig.2 A general schematic framework of LRACSEP
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Fig.3 The salient edge points
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Fig.4 Three saliency maps and the
corresponding core map
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Fig.5 The foreground seeds determined by the core map
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Fig.6 The salient object edge points detection
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Fig.7 The segmentation results of our model
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and the 9 models
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