55 43 %565 3 1) AND/ NS Q= o 1 Vol. 43, No. 3
2024 4 6 A J. Infrared Millim. Waves June, 2024

XEHS:1001-9014(2024)03-0397-09 DOI: 10. 11972/j. issn. 1001-9014. 2024. 03. 014

B THCCH IR bRk S EH R

gKiEQAI‘E/ﬁsz’ l%:\ %3‘4*9 gﬁ%/&l, \}%/ﬁ%*fjl’g
(1. MRS TR R IRZE M)A T M 511458;
2. FE Tl KA QN ZRARFABE ) I AR T, LR 75 5 266061 ;
3. FASRVEIREREE RIS T TR PR IR S 8l ) 24 I R B 328G =, Wiy T B 3100125
4. FRUEFSLEE W Sl 316021)

WEEHAHLFAEN—HAFANESERRIA, N2 EEBERUARMAFER AL ENFRREGE
T, FEBLEAT-RBERRNEFER G R EH T E(CALIPSO) # 45, 3t A3 X W v 4 £ o(Chla) K E
BATT RO, ST 3T MOk 5048 w0 AT 1 4 2 W 44 AL (FNN-LID) , 45 7 bk 7 3 K Z— A3 4 (pCO,) B/
KB FHAEE, Ak Al b, T E g A R K Chla 3R ¥ A1 K pCO, BRAB#EAT T ik 5 A f. 4R B
R, ETRAKNE &, BAREWNBIERE, b & A o R R 5 R S AR LN B A A &
BB, B E M E AR A TN EE R G, Ak EER  ZHREA YN ALZEDRA N RGN
Wik Chla 35 o Lok A pCO, Y = A 4% B R I Z @iy £ 7, HpCO,Hy F 4 &+ 4 Bl 21, & F # 3F 80 patm.
F20F K, WAKFRERIAN KR AL, T EREAALEREIEEHKEEZTRGHKX, EEpCO,

Wk REFTF,
X 8 OWR:EHEMCTARE; kFE; BARZE MRS E; WL K FHR
FESEES P76 XERARIRAD . A

Arctic sea surface CO, partial pressure based on LiDAR

ZHANG Si-Qi"*’, CHEN Peng"*, ZHANG Zhen-Hua', PAN De-Lu'"’

(1. Southern Marine Science and Engineering Guangdong Laboratory (Guangzhou), Guangzhou 511458, China;
2. Institute of Oceanographic Instrumentation, Qilu University of Technology (Shandong Academy of Sciences) ,
Qingdao 266061, China;

3. State Key Laboratory of Satellite Ocean Environment Dynamics, Second Institute of Oceanography, Ministry of
Natural Resources, Hangzhou 310012, China;

4. Donghai Laboratory, Zhoushan 316021, China)

Abstract: The spaceborne light detection and ranging (LiDAR) , as a novel active remote sensing technology, offers
possibilities for global diurnal research. In this study, global sea surface chlorophyll-a (Chla) concentrations were in-
verted using satellite data from Cloud-Aerosol Lidar and Infrared Pathfinder Satellite Observations (CALIPSO). A feed-
forward neural network model based on LiDAR data (FNN-LID) was developed to reconstruct a long-term diurnal datas-
et of sea surface pCO, in the Arctic Ocean. Subsequently, verification and analysis were conducted on the polar sea sur-
face Chla concentrations and sea surface pCO, based on active remote sensing. The results demonstrated that the inver-
sion products generated by this algorithm exhibit high data quality and exhibit favorable consistency with both other pas-
sive remote sensing products and buoy observations. Moreover, these products effectively fill data gaps during polar
winters. Along the Arctic Ocean, margin seas significantly influenced by terrestrial sources consistently display high sea
surface Chla concentrations. The spatial distribution of sea surface pCO, in the Arctic Ocean manifests meridional varia-
tions, with marked seasonal fluctuations, even higher than 80 patm. Over the past two decades, the Arctic Ocean has

Yoim H #3:2023- 10- 07, 12 B H 5 :2023- 11- 20 Received date:2023- 10- 07, Revised date:2023- 11- 20

BEETE R85 B H (DH-20222Y003) , INAR A 8 A B4 714 (2023Z1YS01) , 15 | AR 3 4 (42322606, 42276180, 61991453,
2022YFC3104200)

Foundation items: Supported by the Donghai Laboratory Preresearch Project (DH2022ZY0003) , Key R&D Program of Shandong Province, China
(2023Z1.YS01) , National Natural Science Foundation of China (42322606,42276180,61991453,2022YFC3104200)

{EE &It (Biography) : SR (1996-) , 2, WITLHTN N B BRAIFSE 51 O iE N F RO VERR TG FR I IFSY , Email : sqzhang@sio. org. en

"B H4EH (Corresponding author) : Email : chenp@sio. org. cn


https://dx.doi.org/10.11972/j.issn.1001-9014.2024.03.014
mailto:E-mail:sqzhang@sio.org.cn
mailto:E-mail:chenp@sio.org.cn
mailto:E-mail:chenp@sio.org.cn

398 g hh 5 2 oKk I e 43 &

consistently acted as a carbon dioxide sink, while areas with substantial sea ice decline such as the East Siberian Sea and

Kara Sea exhibit pronounced increases in sea surface pCO.,.

Key words: spaceborne LiDAR, arctic ocean, sea surface CO, partial pressure, polar night, long-term variation
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Fig. 8 Long-term variation of pCO, in different Subregions of the Arctic Ocean.
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