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ｃｏｍｐａｒｅｄｒｅｓｐｅｃｔｉｖｅｌｙｗｉｔｈｔｈｅｔｒａｄｉｔｉｏｎａｌａｌｇｏｒｉｔｈｍｓｏｆｔｈｅＨＥ，ＡＧＣＷＤａｎｄＷＴ．Ｔｈｅｅｘｐｅｒｉｍｅｎｔ

ｒｅｓｕｌｔｓｓｈｏｗｔｈａｔｔｈｉｓｍｅｔｈｏｄｃａｎｅｆｆｅｃｔｉｖｅｌｙｈａｎｄｌｅｔｈｅｃｏｍｐｌｅｘｉｍａｇｅｓｗｉｔｈｉｎｆｅｃｔｉｏｎ，ａｎｄｔｈｅｓｈａｒｐｎｅｓｓ
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ＴｅｃｈｎｏｌｏｇｙＩｎｎｏｖａｔｉｏｎＴａｌｅｎｔＴｒａｉｎｉｎｇＰｒｏｊｅｃｔｏｆＸｉｎｊｉａｎｇ （Ｎｏ．２０１３７２１０１６），Ｄｒ．Ｓｔａｒｔｕｐｆｕｎｄ，ＡｕｔｏｎｏｍｏｕｓＲｅｇｉｏｎ，Ｘｉｎｊｉａｎｇ

ＵｎｉｖｅｒｓｉｔｙＳｃｉｅｎｃｅａｎｄＴｅｃｈｎｏｌｏｇｙＢｒａｎｃｈｏｆＸｉｎｊｉａｎｇＰｒｏｊｅｃｔ（Ｎｏ．２０１５９１１０２）ａｎｄｔｈｅＸｉｎｊｉａｎｇＡｕｔｏｎｏｍｏｕｓＲｅｇｉｏｎＧｒａｄｕａｔｅＳｔｕｄｅｎｔ

ＲｅｓｅａｒｃｈＩｎｎｏｖａｔｉｏｎＰｒｏｊｅｃｔ（Ｎｏ．ＸＪＧＲＩ２０１５０２５）
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