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(a) Original image (b) Image of denoised by linear

weighted filter
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Table 1 PSNR/dB under defferent denoising methods
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(c) Image of denoised by  (d) Image of denoised by Edge-preserving
the bayes method wavelet thresholding method
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Fig. 1 Image of denoising
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An Image Edge-Preserving Disposal Method for Infrared Focal
Plane Arrays Using Wavelet Transform

HU Hong-li' ,BAI Tao' ,MA Cai-wen®
(1 Department of Electrical Engineering , Xi'an Jiaotong University , Xi'an 710049 ,China)
(2 Xi'an Institute of Optics and Precision Mechanics ,Chinese Academy of Sciences,Xi'an 710119 ,China)

Abstract: An image edge-preserving disposal method using wavelet transform is presented and analyzed in
detail. The method combines 2-D wavelet transform with maximum a posteriori estimation algorithm. The
application of the method to the infrared focal plane Arrays image is described in order to meet the demands
of accuracy, clarity, no distortion in the processing of image. The experimental results show that this
method ease the image distortion,yoke the “artificial ghost”,and make the image more clarity indeed.

Key words: Wavelet transform; Denoising; Focal plane array; Edge-preserving denoising method
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