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Region of Interest Detection Based on Salient Features Clustering for
Remote Sensing Images

Li Xinran Chen Jie Zhang Libao Yang Xuye Li Jiayi
College of Information Science and Technology, Beijing Normal University, Beijing 100875, China

Abstract The region of interest detection for remote sensing images is usually hased on global research and setting
up the basis of prior knowledge. The new method called salient region detection based on salient features clusting for
remote sensing images is proposed. We use the color information to construct the histograms in different color
channel (RGB) to compute the information maps in each color channel. After fusing the information maps, we can
get the single saliency maps. To get the saliency maps in CIELab color space, we adopt the k-means to cluster all the
images in the CIELab color space, which makes it possible to reduce the computational complexity by calculating
saliency on cluster-level. Then, through studying the integration of single saliency map and CIELab saliency maps.
we get the final saliency maps. Finally, we can construct the mask of region of interest according to the final saliency
map. which enable us to get the region of interest segmentation. Result shows that compared with existing models,
we get more accurate saliency maps without the basis of prior knowledge. This method will be meaningful in further
remote sensing image processing.

Key words remote sensing; image processing; region of interest detection; salient features clustering; k-means
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