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Iris Recognition Based on Empirical Mode Decomposition
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Iris recognition is an effective method of biometrics recognition. Empirical mode decomposition(EMD) , a

illumination can be eliminated during our feature extraction process.
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proper frequency range for iris recognition. The experimental results indicate that the recognition rate can achieve
mode functions; feature extraction

multi-resolution decomposition technique, is adaptive and appears to be suitable for nonlinear, non-stationary data
99.44 % ; meanwhile, the complexity of the algorithm can be reduced because the effect of high frequency noise and
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analysis. We adopt the EMD approach to decompose the iris images and select the intrinsic mode functions with
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Fig. 1 Iris image localization and normalization. (a) Original

image; (b) localized image; (¢) normalized image
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Fig. 4 Iris comparison with different feature distribution.

(a) Iris with spreading texture; (b) iris with

concentrating texture
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Table 1 Result comparison with other methods

Correct Az (area Equal

Methods recognition under the error
rate /% ROC curve) rate /%

Daugman 100 0. 9999 0.08

Boles 92. 64 0. 9452 8.13

Wildes - 0.9975 1.76

Jen-Chun Lee 98. 95 0.9953 2.23

Proposed 99. 44 0.9997 0. 48
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