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Vein Image Enhancement and Segmentation Based on Maximal
Intra-Neighbor Difference
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Guangzhou , Guangdong 510640, China)

Abstract In order to overcome the problems that vein lines are inaccurate in results of existed segmentation
algorithms caused by the uneven illumination of the vein image, a novel image segmentation algorithm based on
maximalson intra-neighbor difference (MIND) is proposed. In the algorithm, the neighbor information of original vein
image is well used to get the MIND image together with a new distance function. The enhanced image is got by
adding with original image processed by histogram modification. Through the calculated mean image of enhanced
image and weighted comparison with enhanced image, segmentation result is obtained. During the segmentation, to

the segmentation result can be improved by adjusting key parameters adaptively according to the histogram of MIND

image. Experimental results demonstrate the effectiveness of the proposed algorithm.
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Fig. 1 Flow chart of the proposed algorithm
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Table 1 Comparison of computing time of different £ value

k 2 4 6 8

Computing time/s 1.5328 1.1188 0.7204 0.1609
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