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Locally interconnected neural network for associative memory
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Abstract

Based on the globally interconnected Hopfield model, a new concept of locally
interconnected associative memory is proposed in this paper. Compared with the globally
interconnected, locally interconnected neural network has a smaller interconnection
weight matrix (IWM ), therefore, it can be easily implemented with commercially
available spatial light modulators. Moreover, computer simulations indicate that it still
possesses the global association ability.

Key words optical neural network , Hopfield model, local interconnection.





