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Abstract Buildings are extremely important artificial feature objects. Extracting buildings can provide technical
support for urban planning, population estimation, and landscape analysis. Object-oriented classification is an
effective method for extracting ground objects and has been widely used in the extraction of building information.
The object-oriented morphological building index method has good practicability, but the effect of extracting sparse
buildings still needs to be improved. To solve this problem, the median absolute deviation is applied to the object-
oriented building extraction, and the two situations of dense and sparse buildings are analyzed. Precision, recall,
and F| score are used to evaluate the extraction results. Experimental results show that the object-oriented median
absolute deviation method extracts sparse buildings significantly better than the object-oriented classification and
object-oriented morphological building index methods.
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Fig. 1 GF-2 remote sensing images of different

experimental areas. (a) Dense buildings;

(b) sparse buildings
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Fig. 2 Extraction effects of dense buildings under different methods. (a) Object-oriented classification method;

(b) object-oriented MBI method; (c¢) object-oriented MAD method
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Fig. 3 Extraction effects of sparse buildings under different methods. (a) Object-oriented classification method;

(b) object-oriented MBI method; (c) object-oriented MAD method
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Table 1 Extraction results of dense buildings under different methods
Method Building Non-building Misclassification Total
Object-oriented classification 135 123 42 300
Object-oriented MBI 173 111 16 300
Object-oriented MAD 141 131 28 300
F 2 W S WAEARIE LT 4R As
Table 2 Extraction results of sparse buildings under different methods
Method Building Non-building Misclassification Total
Object-oriented classification 79 185 36 300
Object-oriented MBI 126 148 26 300
Object-oriented MAD 64 226 10 300
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Table 3 Extraction accuracy of dense buildings under

different methods

Method P/% R/WN F,
Object-oriented classification ~ 90.34  89.12 89.73
Object-oriented MBI 95.63  92.04  93.80
Object-oriented MAD 91.93  90.51 91.21
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Table 4 Extraction accuracy of sparse buildings under

different methods

Method P/% R/WN F,
Object-oriented classification  88.51 80. 83 84.50
Object-oriented MBI 90.54  83.42  86.83
Object-oriented MAD 96.73  92.85  94.75
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