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Quality Assessment of Hyperspectral Super-Resolution Images
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Abstract The hyperspectral super-resolution image set is obtained with the classical super-resolution method and
the characteristics of these images are studied. A quality assessment method of hyperspectral super-resolution
images is proposed based on three types of image feature vectors. In this method, the spatial natural statistics, the
local frequency features and the local binary gradient of images are calculated, respectively, and three kinds of
feature vectors are obtained. The regression forest model is established for the three types of low-level feature

vectors to predict the image quality scores. Compared with other classical methods, the proposed algorithm

possesses high accuracy and good subjective and objective consistency.
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Table 2 Subjective-objective assessment results for 14 groups of image libraries

Image Image Image Image Image Image Image
Parameter ) ) ) ) ) )
library 1 library 2 library 3 library 4 library 5 library 6 library 7
SROCC 0.8032 0.8163 0.8196 0.8391 0.8344 0.8315 0.8367
PLCC 0.8166 0.8146 0.8343 0.8567 0.8373 0.8462 0.8596
Image Image Image Image Image Image Image
Parameter
library 8 library 9 library 10 library 11 library 12 library 13 library 14
SROCC 0.8418 0.8498 0.8311 0.8323 0.8378 0.8288 0.8216
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Table 3 Runtime of all algorithms
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