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Abstract The visual background extraction (Vibe) algorithm cannot effectively remove the shadow of the target,
and cannot quickly remove the ghost phenomenon. To address the shortcomings of Vibe, an improved YUV _Vibe
fusion algorithm is proposed. The algorithm expands the value range of the sample field, which effectively avoids
the repetitive selection of the same samples. The updating factor is adjusted from 16 to 4, and the number of sample
updates is set at 2, which accelerates the update rate of the background to eliminate the rate of ghost detection. The
fusion of the YUV color information features with the Vibe algorithm eliminates the influence of shadows. By
constructing a double fusion model, the false detection rate of shadows is effectively reduced. The algorithm is
experimentally applied to video datasets. The test results reveal that the improved YUV_Vibe fusion algorithm has
improved the accuracy and recognition rate, and the experimental detection results are more accurate.
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Fig. 4 Foreground detection. (a) Detection result of model 1; (b) detection area of model 2
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Fig. 5 Outdoor target detection effects of all algorithms. (a)(f) Original image sequences; (b)(g) results of frame difference

c

() (D JEEEFEH 5 (b) (@) i 8] 2% 3 B 45 3

method; (c¢)(h) results of Gaussian mixture model method; (d) (i) results of Vibe method; (e)(j) results of improved method

Hhy P e ARG 45 SR 5 L S as Bl RiTR DXERO L ]
ORI ST A2 T 4 A 0 75 95 v o ) 22 51 B0OR e 2 L A
23 I BLIZ B W PR 2 OR BRI L L B Hh B R A =S 5

BLG 5 R A v ST ASE 2R AR 0 ot 18] 2 73 ik HL AT B0 9 A
TR AEAS BEAR A A T 5/ N AR ELAF AR 38 i
ST s Vibe 55 BURE T B G 00 A5 R L {ELAS:

111002-5



55, 111002(2018)

ANSHBIFHRE

www.opticsjournal.net

LRI MR By e A A A G U A

TR A AE B /NG B A T A B 4 5 Thi B0 ) YUV

Vibe fill & 515 BEHIF MRS M 880/ Nz s A, A ) %
MRS ELAS B A s T B4R L BE 68 OS5 IS
SE B RIS A8 25 B Mg A e e IR B2 W 7 i B S
L AR . D, 7S A R 2R R BT 2K
PER) YUV _Vibe fili & 5035 R BT 500 HE 52 19 /if 5

UivRlEYE N
4.2 XEAZE THIEZEzh BiRKEN

Rt e Vibe Bk 55 H YUV _Vibe
A BRI EE A RELRI =
A s HEAT SE R A . SR UMN B0 46 o i 4
b 375 S5 00 A B TCHBCRIL AT F 118 5 — 1ot 512 256 2380 SR %

K6 BIscsmas Rxt i, (@ JREMR S (b) Vibe 8155 (o) Bk Jr i
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