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Abstract Different from the artificial classification of the inscription and seal, the computer classification uses
image content characteristic as a source of information and is a key work in the digital management. Aiming at the
non-standard problems and deficiencies of the existing feature extraction algorithms, a segmentation filtering method
based on image entropy is proposed. The texture characteristics of traditional Chinese paintings are extracted by the
method combined with the complex network theory, and then a support vector machine is used to classify.
Experimental results show that this method can effectively extract textural features and categorize Chinese
paintings, and it still has a good performance in the case of non-standard images.
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Fig. 1 Flow chart of complex network algorithm
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Fig. 2 Segmenting results of landscape painting Fig. 3 Segmentation filtering results of landscape painting
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Fig. 4 Segmenting results of flower-and-bird painting Fig. 5 Segmentation filtering results of flower-and-bird painting
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Fig. 8 Flow chart of the proposed algorithm
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Table 1 Results of the proposed method %
Artist Original image Rotated image Noise-added image Rotated andnoise-added image
o Y o 4 14 Y e Y
Dong Yuan 92.9 93.3 92.9 86.7 91.7 80.0 90.9 80.0
Huang Gongwang  88.9 80.0 87.5 73.3 82.4 73.3 81.3 66.7
Xia Gui 81.3 80.0 78.9 80.0 78.6 80.0 77.8 73.3
Shen Zhou 82.4 86.7 80.0 86.7 77.8 80.0 75.0 80.0
Xu Beihong 78.9 73.7 77.8 73.3 76.5 66.7 75.0 66.7
Zheng Bangiao 92.3 93.3 91.7 86.7 88.9 86.7 88.2 80.0
Average value 86.1 84.5 84.8 81.1 82.3 77.8 81.4 74.5
T2 IR AWML TR
Table 2 Results of the original complex network %
Artist Original image Rotated image Noise-added image  Rotated and noise-added image
14 Y 14 14 14 Y 14 14

Dong Yuan 75.0 86.7 71.4 86.6 77.8 86.7 70.0 80.0
Huang Gongwang 76.5 80.0 76.5 73.3 73.3 80.0 72.7 73.3
Xia Gui 71.4 73.3 72.2 66.7 68.8 60.0 66.7 60.0
Shen Zhou 75.0 80.0 70.0 80.0 76.5 73.3 72.7 73.3
Xu Beihong 73.7 73.3 70.6 73.3 64.3 73.3 63.6 66.7
Zheng Bangiao 72.7 66.7 71.4 66.7 76.9 66.7 70.0 60.0
Average value 74.1 76.6 72.0 74.4 72.9 73.3 69.3 68.9
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# 3 GLCM Mseah 4

Table 3 Results of GLCM %
Artist Original image Rotated images Noise-added image Rotated andnoise-added image
° 4 ° 4 ° 4 e 4

Dong Yuan 76.5 80.0 71.4 73.3 63.6 66.7 61.5 66.7
Huang Gongwang 73.7 86.7 76.5 66.7 70.6 73.3 69.2 60.0
Xia Gui 70.0 66.7 64.3 73.3 63.6 60.0 60.0 53.3
Shen Zhou 75.0 80.0 64.3 66.7 63.6 66.7 61.5 66.7
Xu Beihong 75.0 73.3 70.6 60.0 73.3 60.0 68.8 60.0
Zheng Bangiao 68.8 66.7 58.3 66.7 64.3 60.0 54.5 53.3
Average value 73.2 75.6 67.6 67.8 66.5 64.5 62.6 60.0
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