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established, in which the relation between blurred and restored images is set up with the nonlinear mapping
least time consumption.
Key words

In order to obtain clear restoration result from a blurred image. we propose the frog leaping
algorithm. The frog population is divided into several groups, each ethnic group includes a number of frogs, and
characteristics of the frog leaping algorithm. The blurred image restoration solution converges on the Poisson
OCIS codes

every evolution only updates the worst frog's position. In order to prevent the solution space from contraction, the

best individual is chosen to perform operation with the Gaussian mutation operator. A threshold value strategy is set

to guide the update of the variables in various dimensions of frog leaping. The blurred image restoration model is

i
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statistical maximum likelihood solution. A recovery evaluation system is established. Simulation results show that the
image processing; image restoration; frong leaping; Gaussian operator; mapping

frog leaping outperforms other algorithms with the clearer recovery. the highest improvement percentage and the
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Table 1 Comparison of improvement percentage

Improvement
Algorithm B F

percentage /%
Lucy-Richardson algorithm 0. 8254 0. 7901 4.28
Image interpolation algorithm 0. 8254 0.7101 13.97
Hough transform algorithm 0. 8254 0.6021 27.05
Z transform algorithm 0. 8254 0.5736 30.51
Ant algorithm 0. 8254 0. 3065 62. 66
Particle swarm algorithm 0. 8254 0.2282 72.35
Artificial fish swarm algorithm 0. 8254 0.1591 80. 71
Proposed frog leaping algorithm 0. 8254 0. 0532 93.56
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