846 4% 453 ooE % Ok Vol. 46, No. 3
2019 4F 3 J CHINESE JOURNAL OF LASERS March, 2019

T2 e I Ze ) S SRR AR X

KA, HER" £9%, BF, UL

KBRS TF 5 A bsAbe . Kt 300222

BME ETHREERMEMANRIEE TGS R T — P T 25 B 4 R 4 1 IR SE R AT 4R U7 1 %076 A
FH 245 AR 28 00 46 8 4 5 AR A AR AR A5 B B IR R I HE Ok, B 5 5 MR 5 1 )2 AR AE £ R b T8 AR 88 30 2% 1 KRR AE AR
B DRFRas R R . B4 Uy ik RETE 5 ZUSIOE AR A2 T 48 T v o s SR B ks IR G 10, B BT T PR A8 1 5 L UL HE A Y
(W

KGR BRAL I BB LG; RIS BRE RS W

hESES TP242.2 XERERIRAS A doi: 10.3788/CJL201946.0302002

Weld Feature Extraction Based on Fully Convolutional Networks
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Abstract Based on the feature learning ability of deep convolutional neural networks, a weld feature extraction
method based on fully convolutional networks is proposed. In this method, the fully convolutional networks is used
to predict the pixels containing the feature information of the weld, and the edge feature information of weld is
supplemented by the fusion of low-level and high-level feature information. The results show that the method can
get the weld position accurately under the interference of strong arc and soot particles, and has the advantages of
strong anti-interference ability and accurate recognition.
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Fig. 2 Process of upsampling and feature fusion
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Fig. 3 Partial image datasets
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Table 1 Parameters of network structure
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Table 2 Training results of three upsampling structures
Network model PACC /%  MACC /% MIU /%
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