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Inertial Confinement Fusion Experiment Target Gestur
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In order to deal with the problem of the slow on-line testing speed which is caused by the traditional
regression model that is not sparse enough, a method based on the relevance vector machine (RVM) regression is
proposed in the inertial confinement fusion (ICF) experiment target gesture estimation

algebra features extracted by the principal component analysis (PCA) is used as the sample features of the RVM,
which can deal with the bluer problem caused by the small depth of field. A comparison between the commonly used
(LMS) has been done in this paper,
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In the experiment, the
several algorithms, which shows that the RVM is more suitable for on-line testing
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the result shows that the testing error square of the RVM and SVM are the
smallest, and the testing accuracy of them are the highest also. The testing time of the RVM is the lowest in the
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Fig. 1 Three dimensional coordinates definition

of the ICF experiment target
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Table 1 Comparison between several regression algorithms on real ICF target images gesture estimation

RVM SVR KNN LMS
Parameters Basic function rbf rbf rbf rbf
Bandwidth ¢ 1950 1750 1750 1950
Others - C=1000 k=2 -
Accuracy rate /% 89. 47 89. 47 63.16 84. 21
Variance 1.51 2.24 11. 36 2.05
Support vector 15 17 21 21
Estimating time /ms 28 37 68 41
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Fig. 2 Gesture estimation error curve of real
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