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Fig. 1 The sketch of the sell imaging on scale Fig. 2 The Lonchi grating and its amplified sell-mage
g(x) is a periodic function, its period is d; (@) The Lonchi grating: (6) The amplified self<mage.
[ is the focal length Photograph scale: 1.84 -1
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Using Self-imaging Functions for the Optical Interconnection
of Neural Network

Hua Jianwen Liu Liren Li Guogiang
(Information Optics Laboratory, Shanghat Institute of Optics and Fine Mechanics,

Chinese A cademy of Sciences, Shanghai 201800)

Abstract The self-imaging functions which can self-image on scale are shown.
Then we apply them to the optical interconnection of neural network. Consequent—
ly, the optical interconnection system is simple and the experimental operation, es—
pecially the optical adjustment is easy. Finally, the experiment is shown.
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